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Microwave data enable characterization of present-day environments

for biodiversity modeling

Hypsiboas faber

* Species Distribution Models WorldClim
derived from MERRA-derived
bioclimatic layers performed
better than models built with
WorldClim data.

MERRA

* Models constructed with AMSR
E-based layers had similar
performance to models built
with WorldClim.
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AMSR-E Climatology enables description of day/night temperature shifts
(here, LST Min; 2003-2011)

Khan et al. in prep.




Remote sensing products predict diversity patterns at larger ecological
and geographical scales

SPECIES RICHNESS

PHYLOGENETIC DIVERSITY

PHYLOGENETIC TURNOVER  PHYLOGENETIC ENDEMISM

: e -~
b!uc( éreen ’ ~ \

turnover = color space distance Rk .
Model diversity
patterns now

-

Brown, Paz et al. in review.
Paz et al. in prep.
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Remote sensing products predict diversity patterns at larger ecological

and geographical scales
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Conditional

Autoregressive
Models used to
address spatial
autocorrelation;
probability of values
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Is conditional on
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Remote sensing improves description of microclimates, which are
needed to understand physiological responses to climate
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Searching for genomic signatures of adaptation to environmental

gradients
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Stay tuned for next year’s meeting
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Genomic data

Adaptive genomics analyses

Population Structure and connectivity

RADseq data >20 taxa {PCA, sSNMF, STRUCTURE, EEMS)
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Redundancy Analysis (RDA)
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Environmental
data:

BIOCLIM

(DeBlauwe)

Contemporay:

* Remote sensing
* BIOCLIM (DeBlauwe)
* BIOCLIM (CHELSA)

Historical:
« BIOCLIM LH
* BIOCLIM LGM

CHELSA
LGM (21kya)
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Genomic data:

RADseq data

>20 taxa

Different ranges/
environmental space
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Neutral SNPs Adaptive SNPs

Ancestry_ ,_RDA_Anolis_ _neutral Ancestry_coefficients RDA_Anolis_punctatus_adaptive
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